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NORMALISATION (MA plot)
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ANALYSIS (models)
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ANALYSIS (covariance matrices)

1414×A

• based on similarity in experimental 
design (families A-E)

( )2,0~ arrayNar σA

1173211732×G

• based on maximum pairwise
semantic similarity between
GO term sets

Schlicker et al. 2006

• identity matrix
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ANALYSIS (effect selection)
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RESULTS (gene ontology)
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RESULTS (gene ontology)
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RESULTS (genes)
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CONCLUSIONS

1. Large difference between normalisations

2. Low correlations between arrays

3. Good correspondence in effect estimation

• GO terms significant on: 11+1, 10+1, 6+1 models

• Genes significant on: 2××××(14+1), 3××××(10+1) models
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